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ABSTRACT: This project presents a machine learning—based disease prediction system designed to identify heart
disease and pneumonia at an early stage. The system integrates two different types of data, including structured clinical
data and medical image data, to provide accurate predictions. For heart disease prediction, clinical parameters such as
age, blood pressure, and cholesterol levels are analyzed using the Random Forest algorithm, which improves accuracy
by combining multiple decision trees. For pneumonia detection, chest X-ray images are processed using a
Convolutional Neural Network (CNN), which is effective in identifying patterns and features in medical images. The
system includes a data preprocessing stage where clinical data is cleaned, normalized, and encoded, while image data is
resized, normalized, and augmented to enhance model performance. A user-friendly interface is developed using a
Flask web application, allowing users to easily input data or upload images and receive results. The system runs locally
without the need for external deployment tools, making it simple and efficient to use. The prediction results are
displayed clearly, indicating the risk level of heart disease and the presence of pneumonia. Additionally, the system
supports data storage for future reference and improvement. This project reduces the time required for diagnosis and
minimizes human error, thereby assisting healthcare professionals in decision-making. It also makes healthcare
technology more accessible, especially in areas with limited medical resources. The modular design allows future
enhancements, such as adding more diseases and improving model accuracy. Overall, this project demonstrates the
practical application of artificial intelligence in healthcare by providing a fast, reliable, and easy-to-use disease
prediction system.

KEYWORDS: Random Forest Algorithm, Convolutional Neural Network (CNN), Chest X-ray Pneumonia Dataset
(Chest X-ray Images for Pneumonia — Kaggle).

I. INTRODUCTION

In recent years, the use of artificial intelligence in healthcare has increased significantly, helping improve the accuracy
and speed of disease diagnosis. Early detection of serious diseases like heart disease and pneumonia is very important
to reduce health risks and save lives. Traditional diagnostic methods often depend on manual analysis and expert
knowledge, which can be time-consuming and sometimes inaccurate. With the growth of machine learning, automated
systems can now assist doctors in analyzing medical data efficiently. This project focuses on developing a smart system
that supports early and reliable disease prediction.

The proposed system combines clinical data analysis and medical image processing to provide better diagnostic results.
It uses the Random Forest algorithm for predicting heart disease based on patient data and a Convolutional Neural
Network (CNN) for detecting pneumonia from X-ray images. The system is implemented as a web application, making
it easy for users to interact and obtain results. Proper data preprocessing techniques are applied to improve the accuracy
of predictions. Overall, the project aims to create a simple, efficient, and accessible tool that enhances healthcare
decision-making.

Il. LITERATURE REVIEW

Many researchers have worked on disease prediction systems using machine learning techniques to improve early
diagnosis. Previous studies show that algorithms like Decision Trees, Support Vector Machines, and Random Forest
are widely used for predicting heart disease. These models analyze clinical data such as age, blood pressure, and
cholesterol levels to identify risk factors. Among them, Random Forest provides better accuracy due to its ensemble
learning approach. This makes it a suitable choice for reliable heart disease prediction.

In the field of medical image analysis, deep learning models, especially Convolutional Neural Networks (CNN), have
shown significant improvements. Researchers have applied CNN models to detect pneumonia from chest X-ray images
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with high accuracy. These models automatically extract important features such as patterns and textures from images.
Compared to traditional image processing methods, CNN reduces the need for manual feature extraction. This has
made deep learning a powerful tool in medical imaging applications.

Several studies have also focused on combining different types of data, such as clinical records and medical images, for
better prediction results. Hybrid systems that use both machine learning and deep learning techniques have shown
improved performance. Data preprocessing plays a crucial role in these systems by cleaning, normalizing, and
preparing data for model training. Proper preprocessing helps in reducing noise and improving model accuracy. These
approaches highlight the importance of integrating multiple techniques in healthcare systems.

Recent research emphasizes the development of user-friendly web-based applications for healthcare solutions. Many
systems are implemented using frameworks like Flask to provide easy interaction between users and prediction models.
These applications allow users to input data, upload images, and receive instant results. However, some systems require
complex deployment tools, which can limit accessibility. This project addresses that limitation by creating a simple,
locally executable system that is efficient and easy to use.

I1l. RESEARCH METHODOLOGY

The methodology of this project focuses on using the Random Forest algorithm to predict heart disease based on
clinical data. Initially, a suitable dataset containing patient information such as age, blood pressure, cholesterol level,
and other medical attributes is collected. This data serves as the input for the prediction model. Since raw data may
contain errors or inconsistencies, it cannot be used directly for training. Therefore, proper data preparation is required
before applying the algorithm.

In the next step, data preprocessing is performed to clean and organize the dataset. This includes handling missing
values, removing duplicate entries, and converting categorical data into numerical form using encoding techniques. The
dataset is also normalized to ensure that all values are within a similar range. These preprocessing steps improve the
quality of the data and help the model learn more effectively. Feature selection is also carried out to identify the most
important attributes that influence heart disease prediction.

After preprocessing, the Random Forest algorithm is applied to train the model. Random Forest works by creating
multiple decision trees using different subsets of the data and features. Each tree makes its own prediction, and the final
output is determined by majority voting. This approach reduces overfitting and increases accuracy compared to a single
decision tree. The model is trained using a portion of the dataset and then tested on unseen data to evaluate its
performance.

Finally, the trained model is integrated into a Flask-based web application for user interaction. Users can enter their
clinical details through the interface, and the system processes the input to generate predictions. The results are
displayed clearly, indicating the likelihood of heart disease. This methodology ensures an efficient, accurate, and user-
friendly system for disease prediction. It also allows future improvements by incorporating more data and advanced
techniques.
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Dataset Collection — Heart disease clinical data and chest X-ray image datasets are collected from reliable medical
sources such as Kaggle and public healthcare repositories. These datasets contain patient health parameters and labeled
X-ray images used for training the machine learning models.

Data Preprocessing — The collected dataset is cleaned by removing missing, duplicate, or incorrect values to improve
data quality. Normalization and scaling techniques are applied to ensure that the data is suitable for machine learning
algorithms.

Feature Encoding — Categorical attributes such as gender, chest pain type, and other non-numerical data are converted
into numerical format. This allows machine learning models to process and analyze the data effectively.

Image Preprocessing — Chest X-ray images are resized to a fixed dimension and normalized to improve model
performance. Image preprocessing also helps in reducing noise and preparing the images for CNN training.

Model Selection — The Random Forest algorithm is selected for heart disease prediction because of its high accuracy
and ability to handle structured data. A Convolutional Neural Network (CNN) is chosen for pneumonia detection due to
its effectiveness in analyzing image patterns.

Model Training — The Random Forest model is trained using the processed clinical dataset to learn patterns related to
heart disease. Similarly, the CNN model is trained with chest X-ray images to recognize pneumonia infection patterns.

Model Testing — After training, both models are tested using separate testing datasets. This step evaluates the accuracy,
precision, and performance of the models in predicting diseases.

Model Integration — The trained machine learning models are integrated into a web application using the Flask
framework. This integration allows the models to interact with the user interface and process user inputs.

User Input — Users can enter patient health details such as age, blood pressure, and cholesterol levels for heart disease
prediction. They can also upload chest X-ray images for pneumonia detection.

Prediction Process — The system processes the user input and sends it to the appropriate machine learning model. The
model analyzes the data and generates a prediction result.

Result Display — The prediction results are displayed on the web interface in an easy-to-understand format. The system
may also show the probability or confidence level of the prediction.

Deployment — The web application is deployed using Flask and for real-time accessibility. This allows users to access
the system through a browser and obtain predictions instantly.

IV. RESULTS AND DISCUSSION

The system successfully predicts the risk of heart disease using the Random Forest algorithm based on clinical
parameters. It also detects pneumonia from chest X-ray images using a Convolutional Neural Network (CNN). The
prediction results are displayed through a user-friendly web interface. The models show reliable performance with good
accuracy in disease prediction. This helps in faster diagnosis and supports healthcare professionals in making better
medical decisions.

The developed system demonstrates how machine learning can assist in the early prediction of diseases such as heart
disease and pneumonia. The Random Forest model effectively analyzes clinical parameters and provides reliable
predictions for heart disease risk. The CNN model successfully identifies pneumonia patterns from chest X-ray images.
Proper data preprocessing and feature extraction improve the performance of both models. Integrating these models
into a Flask-based web application makes the system easy to use. The web interface allows users to input data and
obtain predictions quickly. The system reduces the time required for manual diagnosis and supports medical
professionals in decision-making. Overall, the project highlights the potential of artificial intelligence in improving
healthcare diagnosis and efficiency.

IJEETR©2026 | An SO 9001:2008 Certified Journal | 2184



http://www.ijeetr.org/

International Journal of Engineering & Extended Technologies Research (IJEETR)

\,t‘, [ISSN: 2322-0163| www.ijeetr.com | A Bimonthly, Peer Reviewed, Scholarly Indexed Journal |
¥ \'f 3

N [ ;
i} ﬂ} | Volume 8, Issue 2, March - April 2026 |
2y

IJEETR DOI:10.15662/IJEETR.2026.0802192

C!; 992f-35-230-183-141.ngrok-free.app/heart Q ﬁ) ° New Chrome available &

Heart Disease Prediction

Age Gender (1: Male, 0: Female)
40 1
Chest Pain Type (14) Resting Blood Pressure;
1 120
Cholesterol (mgidl) Fasting Blood Sugar (1: True, 0
Faise)
10
1
Resting ECG (0, 1. 2) Max Heart Rate:
2 140
Exercise Induced Angina (1: Yes, 0: ST Depression:
No).
1
1
Siope of Peak (1-3), Major Vessels (0-3):

1 2

Thai (3: normal; 6: fixed defect, 7
reversible defect).

6

FGI:2

(‘:: 992f-35-230-183-141.ngrok-free.app/predict x s&)

Prediction Result

There is a low risk of heart disease.

Factors Contributing to Prediction

« High fasting blood sugar is linked to heart disease.

Advice

« Control blood sugar with a healthy diet and regular exercise.

(2: 1773-35-230-183-141.ngrok-free.app/pneumonia Q ﬁ) @  NewChome available

Pneumonia Detection

Patient Name:

Weight (kg):

Upload Chest X-ray Image:

FGl:4

IJEETR©2026 | An SO 9001:2008 Certified Journal | 2185



http://www.ijeetr.org/

International Journal of Engineering & Extended Technologies Research (IJEETR)

;\-}“‘ [ISSN: 2322-0163| www.ijeetr.com | A Bimonthly, Peer Reviewed, Scholarly Indexed Journal |
N .

i#]ﬁ | Volume 8, Issue 2, March - April 2026 |

IJEETR DOI:10.15662/1JEETR.2026.0802192

v €O PNEUMONIADETECTION ipy x @ tion Result x + - o X

Prediction Resuit

Pavent Name.

2211
& A Bz N
=i 2 %0 M NS o W

88 O Typeheretosearch

FGI:5

V. CONCLUSION

The project successfully develops a machine learning—based system for predicting heart disease and pneumonia in an
efficient and user-friendly manner. It combines the Random Forest algorithm for analyzing clinical data and a
Convolutional Neural Network (CNN) for processing chest X-ray images to ensure accurate predictions. The system
reduces the time required for diagnosis and minimizes the chances of human error. It is implemented as a Flask web
application and runs locally, making it simple and accessible without the need for complex deployment tools. Proper
data preprocessing techniques are applied to improve the quality and reliability of the results. The system provides clear
outputs, helping users understand the prediction easily. It can assist healthcare professionals in making faster and better
decisions. The design of the system is flexible and can be extended to include more diseases in the future. This project
demonstrates the practical use of artificial intelligence in real-world healthcare applications. Overall, it highlights how
technology can make disease prediction faster, more accurate, and more accessible.

VI. FUTURE WORK

1. Addition of More Diseases -The system can be extended to include prediction of other diseases such as diabetes
and cancer..This will make the application more comprehensive and useful.It will help in providing a multi-disease
diagnosis platform

2. Improving Model Accuracy - Advanced algorithms and larger datasets can be used to improve prediction
accuracy.Fine-tuning models and using hybrid techniques can enhance performance.This will lead to more reliable and
precise results.

3. Cloud-Based Deployment - The system can be deployed on cloud platforms for global accessibility.Users can
access the application from anywhere using the internet. This removes the limitation of running only on a local system.
4. Real-Time Data Integration - Integration with real-time health monitoring devices can be added.Data from
wearable devices can be directly used for prediction.This helps in continuous health monitoring and early detection.

5. Mobile Application Development - A mobile app version of the system can be developed for easy access.Users
can input data and get results directly from their smartphones.This increases usability and makes the system more user-
friendly.
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