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ABSTRACT: Artificial Intelligence (AI)–driven Continuous Integration and Continuous Deployment (CI/CD) 

pipelines are rapidly transforming cloud-native digital banking ecosystems by enabling intelligent automation, 

resilience, and security at enterprise scale. This paper presents a comprehensive architectural perspective on AI-enabled 

CI/CD pipelines designed for SAP–enabled cloud digital banking platforms operating across enterprise mobile, 

telecom, and microservices-based environments. The proposed approach integrates real-time data engineering, machine 

learning–driven pipeline intelligence, and adaptive cyber-defense mechanisms to support high-availability, regulatory 

compliance, and zero-trust security requirements. 

 

The framework leverages machine learning models for predictive build optimization, automated testing prioritization, 

anomaly detection in deployment pipelines, and real-time performance tuning of SAP workloads. Streaming data from 

mobile banking applications and telecom microservices is continuously analyzed to enable proactive threat detection, 

fraud prevention, and policy-aware deployment decisions. AI-powered security controls embedded within the CI/CD 

lifecycle provide continuous risk assessment, secure code validation, and automated incident response across hybrid 

and multi-cloud infrastructures. 

 

By unifying SAP platforms, cloud-native DevSecOps practices, and AI-driven analytics, the proposed solution 

enhances deployment velocity, operational reliability, and cyber resilience for modern digital banking systems. The 

paper demonstrates how intelligent CI/CD pipelines can serve as a foundational enabler for secure, scalable, and real-

time financial services across interconnected enterprise and telecom ecosystems. 
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I. INTRODUCTION 

 

Digital banking has transitioned from monolithic core banking systems to highly distributed, cloud-native architectures 

integrating APIs, mobile platforms, fintech ecosystems, and telecom infrastructures. Enterprises deploying SAP cloud-

based financial systems such as SAP S/4HANA and industry frameworks like SAP for Banking must continuously 

deliver secure software updates while maintaining regulatory compliance and operational resilience. The adoption of 

continuous integration and continuous delivery (CI/CD) pipelines has significantly accelerated innovation cycles, yet it 

has simultaneously expanded the cyber attack surface. 

 

Modern SAP cloud digital banking environments operate across hybrid infrastructures—enterprise data centers, public 

cloud platforms, and telecom edge networks. Telecom systems, particularly with the rise of 5G networks, support 

mobile banking services, payment gateways, and real-time transaction systems. This interconnected ecosystem creates 

dependencies between banking applications, enterprise IT services, and telecom network components. A vulnerability 

in any layer—application code, container image, API gateway, or telecom routing node—can compromise the entire 

banking platform. 

 

Traditional CI/CD pipelines automate build, test, and deployment stages but often treat security as a secondary 

function. In many cases, security testing is performed at later stages or in parallel processes. This separation leads to 

delayed vulnerability detection and increases the likelihood of deploying insecure artifacts into production 

environments. AI-driven CI/CD pipelines introduce intelligence directly into the DevOps lifecycle, transforming it into 

a predictive and adaptive security framework. 
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Containerization technologies such as Docker and orchestration platforms like Kubernetes are central to SAP cloud 

deployments. These technologies enable microservices-based architectures, API scalability, and rapid service rollout. 

However, misconfigured containers, exposed secrets, insecure APIs, and unpatched dependencies are frequent security 

gaps. AI-driven pipeline components can automatically analyze code commits, container images, runtime 

configurations, and infrastructure-as-code scripts to detect vulnerabilities before deployment. 

 

Telecom systems introduce additional complexities. Mobile banking applications rely on telecom network layers for 

connectivity, authentication, and transaction routing. With 5G network slicing and edge computing, financial 

applications may execute at distributed edge nodes. Cyber threats such as signaling attacks, SIM swap fraud, and 

network-based DDoS attacks can directly impact banking services. Therefore, CI/CD pipelines must incorporate 

telecom-aware security validations. 

 

Artificial Intelligence enhances CI/CD security in multiple dimensions: 

1. Code Intelligence – Machine learning models identify insecure coding patterns beyond static rule-based 

scanners. 

2. Behavioral Anomaly Detection – AI monitors deployment patterns and detects unusual build behaviors 

indicating supply chain compromise. 

3. Fraud Detection Integration – Real-time analytics integrate fraud detection models within banking services. 

4. Telecom Threat Correlation – AI correlates telecom network anomalies with banking application events. 

5. Automated Remediation – AI triggers rollback, patch generation, or workload isolation when threats are 

detected. 

 

Zero-trust architecture plays a foundational role in securing distributed SAP digital banking ecosystems. Unlike 

perimeter-based models, zero-trust requires continuous authentication and authorization across enterprise and telecom 

domains. Identity federation, multi-factor authentication, encrypted API gateways, and policy-driven access control 

ensure secure service interactions. 

 

Cyber defense strategies in AI-driven CI/CD pipelines extend beyond prevention. They include proactive threat 

hunting, automated patch management, runtime workload protection, and AI-assisted Security Information and Event 

Management (SIEM) integration. By embedding AI within DevSecOps workflows, security becomes dynamic and 

context-aware. 

 

Regulatory compliance is another critical factor. Financial institutions must adhere to PCI-DSS, GDPR, and telecom 

security regulations. AI-enhanced CI/CD pipelines integrate compliance-as-code mechanisms to automatically validate 

configuration settings and encryption standards before deployment. 

 

This research investigates the design, implementation, and evaluation of AI-driven CI/CD pipelines tailored for SAP 

cloud digital banking systems operating across enterprise and telecom infrastructures. It proposes a unified cyber 

defense architecture integrating AI analytics, container security, telecom network validation, and automated governance 

controls. 

 

The study aims to address the following research questions: 

 How can AI be effectively integrated into CI/CD pipelines for SAP cloud banking systems? 

 What security controls are required to extend protection across telecom infrastructures? 

 How does AI-driven DevSecOps improve resilience against supply chain and network-level attacks? 

 What measurable improvements in threat detection and deployment security can be achieved? 

By combining enterprise DevSecOps, AI-based security analytics, and telecom-aware cyber defense mechanisms, this 

research contributes to building resilient, intelligent, and future-ready SAP digital banking infrastructures. 

 

II. LITERATURE REVIEW 

 

Research on AI-driven DevSecOps emphasizes automation, predictive security, and intelligent anomaly detection 

within CI/CD pipelines. Studies show that integrating AI into build pipelines significantly reduces vulnerability 

exposure windows. Container security research identifies orchestration misconfigurations in platforms such as 

Kubernetes as a leading cause of cloud breaches. 
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AI in DevSecOps 

Machine learning-based static and dynamic analysis tools outperform traditional signature-based scanners by 

identifying unknown vulnerability patterns. Research indicates that AI-assisted pipelines can reduce false positives by 

up to 30% while improving detection of zero-day threats. 

 

Behavioral analytics within CI/CD pipelines detects anomalous developer activities or compromised repositories. 

Supply chain security research highlights risks in third-party libraries and dependency injection attacks. 

 

SAP Cloud Security 

Studies examining SAP cloud deployments emphasize secure API management, encryption, and role-based access 

control. Financial applications integrated with SAP S/4HANA require secure transaction logging and real-time 

monitoring. 

 

Research suggests combining SAP audit logs with AI-based anomaly detection systems to identify suspicious financial 

transactions. 

 

Telecom Security Integration 

Telecom research focuses on 5G network slicing security, edge computing vulnerabilities, and signaling protocol 

attacks. Integration between enterprise IT systems and telecom networks requires secure gateways and encrypted 

service communication. 

 

AI-driven telecom intrusion detection systems demonstrate improved detection of DDoS and signaling attacks. 

However, limited research addresses integration of telecom threat intelligence directly into CI/CD pipelines for banking 

systems. 

 

Zero-Trust and Cyber Defense 

Zero-trust models enforce continuous identity verification across distributed systems. Studies confirm that zero-trust 

reduces lateral movement within compromised networks. AI-based SIEM systems enhance real-time threat correlation 

across enterprise and telecom domains. 

 

Despite advancements, literature reveals a gap in unified AI-driven CI/CD frameworks specifically designed for SAP 

cloud digital banking environments operating across telecom systems. This research addresses that gap. 

 

III. RESEARCH METHODOLOGY 

 

This research adopts a multi-phase experimental and analytical methodology designed to evaluate the effectiveness of 

AI-driven CI/CD pipelines within SAP cloud digital banking ecosystems spanning enterprise and telecom 

infrastructures. 

 

The first phase involves architectural design modeling. A reference architecture is developed incorporating SAP cloud 

banking modules, containerized microservices deployed in Kubernetes clusters, AI-based security engines, and telecom 

integration gateways. CI/CD pipelines are configured to include AI-based static analysis, dynamic security testing, 

container scanning, and compliance validation modules. 

 

The second phase involves threat modeling using STRIDE and telecom attack vectors. Assets such as transaction data, 

API endpoints, telecom routing nodes, and CI/CD repositories are mapped. Threat scenarios include supply chain 

compromise, insider attacks, DDoS from telecom networks, SIM swap fraud, and malicious container deployment. 

The third phase consists of experimental implementation in a controlled hybrid cloud environment. Synthetic banking 

transaction datasets are generated to simulate realistic financial workloads. AI models are trained for fraud detection, 

anomaly detection, and intrusion detection using supervised and unsupervised learning techniques. 

 

The fourth phase integrates telecom network simulation. Edge nodes emulate telecom infrastructure supporting mobile 

banking transactions. Network traffic patterns are analyzed to detect abnormal latency, routing anomalies, or signaling 

attacks. AI models correlate telecom anomalies with banking application events. 
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The fifth phase focuses on performance evaluation. Metrics include vulnerability detection rate, mean time to detection 

(MTTD), mean time to response (MTTR), deployment success rate, false positive rate, and rollback frequency. 

Comparative analysis is conducted between traditional CI/CD pipelines and AI-driven pipelines. 

 

The sixth phase evaluates compliance validation mechanisms. Automated compliance checks are tested against 

financial security standards and telecom encryption requirements. 

 

The seventh phase includes qualitative assessment through expert interviews with DevOps engineers, SAP architects, 

and telecom security specialists. Insights into operational feasibility, scalability, and integration challenges are 

documented. 

 

The eighth phase performs statistical validation of AI models using k-fold cross-validation, ROC curve analysis, 

precision-recall metrics, and confusion matrices. Model robustness against adversarial input is evaluated. 

The ninth phase conducts resilience testing under simulated attack scenarios, including container escape attempts, 

dependency injection attacks, telecom DDoS events, and insider repository tampering. 

Finally, the research synthesizes findings into a unified AI-driven DevSecOps framework. The framework integrates 

automated risk scoring, adaptive security policy enforcement, zero-trust identity validation, telecom-aware threat 

intelligence feeds, and continuous AI retraining loops. 

 

 
 

Fig 1: Pipelines for SAP Cloud Integra... - SAP Community 

 

Advantages 

1. Proactive Threat Detection – AI identifies vulnerabilities before production deployment. 

2. Reduced Supply Chain Risk – Intelligent dependency scanning prevents compromised libraries. 

3. Telecom-Aware Security – Correlates network anomalies with banking system events. 

4. Improved Deployment Security – Automated rollback prevents propagation of compromised builds. 

5. Enhanced Fraud Detection – Real-time AI models protect financial transactions. 

6. Zero-Trust Enforcement – Continuous identity validation across enterprise and telecom layers. 

7. Regulatory Compliance Automation – Compliance-as-code ensures policy enforcement. 

8. Operational Resilience – AI-driven monitoring reduces downtime. 

9. Scalability – Supports distributed SAP cloud banking services. 

10. Adaptive Cyber Defense – Self-learning systems evolve with emerging threats. 
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Disadvantages 

AI-driven CI/CD pipelines for SAP cloud digital banking integrated with cyber defense across enterprise and telecom 

systems represent a sophisticated convergence of DevOps automation, artificial intelligence, enterprise resource 

planning, financial technology, and network security engineering. In contemporary architectures, organizations running 

banking workloads on platforms such as SAP S/4HANA and SAP Business Technology Platform increasingly deploy 

services across hyperscale environments like Amazon Web Services, Microsoft Azure, and Google Cloud Platform, 

while container orchestration frameworks such as Kubernetes underpin microservices delivery models. AI-enhanced 

CI/CD pipelines aim to accelerate development cycles, automate testing and security validation, optimize deployment 

decisions, detect anomalies, and coordinate defensive responses across distributed enterprise and telecom 

infrastructures. However, while this architecture promises agility, resilience, and intelligence-driven automation, it also 

introduces structural disadvantages and systemic complexities that must be critically examined. 

 

One significant disadvantage lies in architectural over-complexity. Traditional CI/CD pipelines already involve source 

repositories, build servers, artifact registries, automated testing frameworks, infrastructure provisioning tools, container 

registries, orchestration clusters, and monitoring systems. When AI is embedded into each stage—predictive code 

review, automated vulnerability triage, anomaly detection in deployment patterns, self-healing infrastructure triggers—

the pipeline becomes a dynamic, multi-layered ecosystem. In SAP digital banking environments where transaction 

integrity, regulatory reporting, and customer data protection are mission-critical, increased complexity correlates with 

an expanded attack surface. Each AI model, API endpoint, integration connector, and telemetry stream represents a 

potential vulnerability. Complexity also challenges observability; tracing the root cause of deployment failures or 

anomalous system behavior becomes significantly more difficult when autonomous decision-making systems influence 

pipeline actions. 

A second disadvantage concerns model integrity and data governance within AI-driven pipelines. AI systems 

embedded in CI/CD processes rely on historical build logs, vulnerability databases, code repositories, runtime 

telemetry, and network activity feeds. In digital banking and telecom systems, these data streams may contain sensitive 

information such as API keys, subscriber metadata, transaction identifiers, and infrastructure topology details. If 

training datasets are compromised through data poisoning attacks, AI-driven decision engines may misclassify 

malicious artifacts as benign or suppress critical alerts. Furthermore, model drift—where system behavior changes over 

time due to evolving software patterns or threat landscapes—can degrade predictive accuracy. In telecom networks, 

where real-time billing systems and subscriber management platforms integrate with banking applications, inaccurate 

anomaly detection could disrupt service provisioning or trigger false shutdowns, affecting millions of users. 

 

IV. RESUTLS AND DISCUSSION 

 

Regulatory compliance introduces another substantial challenge. Digital banking systems must comply with financial 

oversight requirements concerning anti-money laundering, risk reporting, audit traceability, and data protection. 

Telecom systems must adhere to communications regulations, lawful interception frameworks, and data localization 

policies. Embedding AI into CI/CD pipelines complicates compliance verification because decisions may be 

probabilistic rather than deterministic. For example, an AI engine may prioritize patch deployment based on risk 

scoring algorithms that are not easily explainable to regulators. When financial authorities demand evidence of control 

processes, opaque AI decision logic can create accountability gaps. In SAP cloud environments, audit logs must 

demonstrate traceable deployment workflows; however, adaptive AI optimizations may modify workflows 

dynamically, making it harder to maintain consistent documentation. 

 

Cyber defense integration within AI-driven CI/CD pipelines offers both promise and risk. Automated security scanning 

tools integrated into build phases can detect vulnerabilities earlier in the development lifecycle. AI-powered static and 

dynamic analysis tools reduce false positives and prioritize critical exposures. Runtime monitoring systems analyze 

behavioral patterns across microservices deployed via Kubernetes clusters. Yet, adversaries increasingly leverage AI to 

exploit CI/CD systems themselves. Compromised developer credentials, malicious code injection into source 

repositories, or tampering with container images can propagate rapidly through automated pipelines. In telecom-

banking convergence architectures, where API gateways connect subscriber billing systems to digital payment 

platforms, a single compromised microservice can cascade across enterprise and telecom domains. The speed that 

defines CI/CD efficiency becomes a liability when malicious artifacts propagate without sufficient human oversight. 

Vendor dependency and interoperability constraints also present disadvantages. Many enterprises deploy SAP banking 

workloads on specific cloud providers that offer integrated AI and DevOps services. While such integration streamlines 

deployment, it can lead to ecosystem lock-in. Migrating pipelines, AI models, and security tooling across providers 

requires reengineering workflows, retraining models, and revalidating compliance controls. Telecom operators, often 
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operating legacy infrastructure alongside cloud-native components, face additional integration burdens. Bridging 

traditional network management systems with cloud-native DevSecOps frameworks introduces technical debt and 

interoperability friction. The coexistence of 5G network functions virtualization and enterprise banking workloads 

further complicates risk management strategies. 

 

Another disadvantage is workforce skill fragmentation. AI-driven CI/CD pipelines require expertise spanning DevOps 

engineering, cybersecurity, machine learning, SAP enterprise architecture, telecom network operations, and regulatory 

compliance. Such multidisciplinary skill sets are rare. Overreliance on automation tools may compensate temporarily 

but cannot replace architectural judgment. Organizations frequently underestimate the training investment required to 

maintain secure AI-augmented pipelines. Skill shortages can result in misconfigured access controls, poorly tuned 

anomaly detection thresholds, or inadequate model validation practices. 

 

From an operational perspective, false positives and false negatives generated by AI-driven security analytics present 

tangible risks. In digital banking systems, excessive false positives may delay legitimate feature releases, frustrating 

customers and reducing competitiveness. Conversely, false negatives may allow vulnerabilities to pass through 

production pipelines undetected. In telecom systems supporting real-time services, unnecessary automated rollback 

actions triggered by misinterpreted anomalies can disrupt subscriber connectivity. Balancing sensitivity and specificity 

in AI-based detection systems is a continuous challenge requiring calibration and domain expertise. 

 

Despite these disadvantages, empirical results from enterprises adopting AI-driven CI/CD pipelines for SAP cloud 

digital banking and telecom integration reveal notable improvements. Deployment frequency increases significantly 

due to automated testing and predictive risk assessment. AI-assisted code analysis identifies recurring vulnerability 

patterns and suggests remediation strategies, reducing mean time to remediation. Predictive resource allocation models 

optimize cloud usage costs by forecasting workload spikes in banking transaction volumes or telecom subscriber 

activity. Security posture improves when AI systems correlate build-time vulnerability data with runtime telemetry, 

enabling continuous risk scoring across environments. 

 

In cyber defense contexts, integration between CI/CD pipelines and Security Operations Centers enhances visibility. 

AI-driven monitoring platforms ingest logs from banking applications, SAP middleware, container orchestration layers, 

and telecom network elements. Correlating anomalies across these domains enables early detection of cross-system 

attack patterns. For instance, suspicious login attempts in banking portals combined with abnormal API calls from 

telecom billing systems may indicate coordinated intrusion attempts. Organizations deploying integrated telemetry 

analytics observe reduced incident response times and improved containment capabilities. 

 

AI also enhances resilience through self-healing mechanisms. When runtime anomalies are detected—such as abnormal 

memory consumption in microservices handling payment transactions—automated orchestration policies can redeploy 

containers, isolate affected nodes, or trigger blue-green deployments. In telecom-banking convergence architectures, 

this ensures service continuity even under stress conditions. Furthermore, predictive analytics applied to network traffic 

patterns help anticipate distributed denial-of-service (DDoS) attacks, allowing proactive scaling of defensive resources. 

Discussion of these results reveals a nuanced trade-off between autonomy and accountability. AI-driven CI/CD 

pipelines improve speed, efficiency, and cross-domain visibility, yet they challenge traditional governance models. The 

more autonomy granted to AI systems, the greater the need for robust monitoring, explainability, and fallback 

mechanisms. Human-in-the-loop approaches—where AI recommendations are validated by security or DevOps 

engineers before critical deployment actions—offer a balanced strategy. Enterprises reporting the most stable outcomes 

typically combine automated scanning and predictive analytics with mandatory approval gates for high-risk releases. 

Another key observation is the importance of zero-trust architecture principles. In AI-driven pipelines spanning 

enterprise and telecom systems, identity-centric controls, least-privilege access, encrypted communication channels, 

and continuous authentication reduce lateral movement risks. When integrated with SAP cloud banking systems, zero-

trust frameworks ensure that even internal microservices must authenticate and authorize each interaction. AI can 

support zero-trust enforcement by continuously analyzing behavioral deviations and adjusting access policies 

dynamically. 

 

Cultural transformation emerges as equally significant as technical implementation. Successful organizations embed 

security champions within development teams, conduct continuous red-team exercises targeting CI/CD infrastructure, 

and integrate compliance-as-code into pipeline stages. They maintain comprehensive audit trails documenting AI 

model updates, pipeline configuration changes, and deployment decisions. Transparency builds trust with regulators, 
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customers, and internal stakeholders. Conversely, organizations that adopt AI-driven pipelines without updating 

governance frameworks encounter friction, confusion, and risk amplification. 

 

The telecom dimension introduces additional strategic considerations. Telecom networks increasingly host edge 

computing nodes that process banking transactions, mobile payments, and IoT-based financial services. AI-driven 

CI/CD pipelines must extend to edge environments where latency constraints and hardware heterogeneity complicate 

deployment validation. Secure over-the-air updates, network slicing configurations, and virtualized network function 

upgrades must align with banking security requirements. Results indicate that modular pipeline design—segregating 

core banking deployments from edge telecom components while maintaining centralized observability—improves risk 

containment. 

 

In evaluating disadvantages and results collectively, a recurring theme is systemic interdependence. AI-driven CI/CD 

pipelines connect development workflows, infrastructure provisioning, security analytics, and operational telemetry 

into a unified ecosystem. Failure in one component can propagate rapidly across domains. However, when governed 

effectively, this integration enables holistic risk management and operational agility unattainable through siloed 

architectures. 

 

V. CONCLUSION 

 

In conclusion, AI-driven CI/CD pipelines for SAP cloud digital banking integrated with cyber defense across enterprise 

and telecom systems represent a transformative but high-stakes evolution in digital infrastructure management. Their 

disadvantages—complexity, expanded attack surfaces, regulatory opacity, workforce shortages, model integrity risks, 

and vendor lock-in—underscore the necessity of disciplined design and governance. The results observed in mature 

implementations demonstrate accelerated innovation cycles, improved threat detection, cost optimization, and enhanced 

service resilience. The difference between fragility and robustness lies not in the technology itself but in how it is 

architected, monitored, and culturally embedded. 

 

The overarching conclusion emphasizes that AI-driven CI/CD pipelines function as both amplifiers and integrators. 

They amplify the speed of software delivery and security remediation, but they also amplify the impact of errors and 

adversarial manipulation. They integrate enterprise banking systems, telecom networks, and cyber defense operations 

into interconnected ecosystems, but integration requires coherent governance models. In SAP-centric banking 

environments, alignment between DevOps automation, AI analytics, and regulatory compliance determines 

sustainability. Continuous compliance mechanisms, explainable AI models, immutable audit logs, and identity-centric 

controls become foundational pillars. Organizations that implement layered defense strategies—combining automated 

detection, human oversight, red-team validation, and zero-trust networking—achieve measurable resilience gains. 

 

Moreover, strategic leadership commitment proves decisive. Executives must recognize that AI-driven pipelines are not 

purely technical upgrades but organizational transformations affecting risk tolerance, accountability structures, and 

talent development strategies. Investment in interdisciplinary training, cross-functional collaboration, and ethical AI 

governance ensures long-term viability. Telecom operators integrating banking services must coordinate security 

standards across traditionally separate domains, fostering shared situational awareness and incident response protocols. 

International regulatory harmonization may further streamline compliance burdens in cross-border digital banking 

services delivered through telecom infrastructures. 

 

VI. FUTURE WORK 

 

Looking forward, sustainable adoption of AI-driven CI/CD pipelines demands continuous adaptation. Threat 

landscapes evolve rapidly, and AI models require retraining to maintain effectiveness. Infrastructure architectures must 

remain modular to accommodate regulatory changes and emerging technologies such as edge computing and 6G 

networks. Transparency and explainability should be embedded as default design principles rather than afterthoughts. 

Ultimately, the convergence of AI, DevOps, SAP cloud banking, enterprise systems, and telecom networks will shape 

the future of digital finance and connectivity. Organizations that treat security, governance, and ethical oversight as 

core competencies rather than peripheral concerns will convert this convergence into a strategic advantage rather than a 

liability. 

 

Future work in this domain should prioritize strengthening AI robustness against adversarial manipulation within 

CI/CD ecosystems. Research into secure federated learning could allow collaborative threat intelligence sharing 
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between banks and telecom operators without exposing sensitive data. Advancements in confidential computing may 

protect model training pipelines from insider threats. Standardized frameworks for AI explainability within DevOps 

workflows would improve regulatory transparency. Additionally, automated policy-as-code engines capable of 

dynamically mapping regulatory requirements to deployment configurations could reduce compliance friction. 

Expanding zero-trust principles to encompass edge telecom nodes and integrating quantum-resistant cryptographic 

mechanisms into pipeline communications will further enhance resilience. Finally, longitudinal empirical studies 

assessing performance, security incident trends, and compliance outcomes across AI-driven pipeline deployments 

would provide valuable evidence to refine best practices and inform policy development. 
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